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An overview of vitiligo and application of artificial intelligence in
diagnosis and treatment of vitiligo
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[Abstract] Artificial intelligence (AD) has rapidly developed in the medical field. Vitiligo,a skin disorder
based on morphology,has an extensive image database. L.everaging computer vision, Al can be applied to the
diagnosis,evaluation,and treatment of this disease. This article outlined the disease burden and the current
state of diagnosis and treatment of vitiligo,and reviewed related research on the application of Al in the diag-
nosis,differentiation,and efficacy evaluation of vitiligo. Future efforts should focus on interdisciplinary collab-
oration and support to enhance the performance of Al applications,ultimately benefiting the general public.
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