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Mortality risk prediction model for ICU patients based on machine
learning combined with unstructured HER data
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[Abstract] Objective To construct a machine learning model to predict the risk of all-cause mortality in in-
tensive care unit(ICU) patients. Methods Based on the intensive care medical information market [[[ (MIMIC-
1) database,the machine learning method was used to integrate the structured and unstructured data in the
electronic medical record(EHR) to create a mortality risk prediction model for ICU patients. Results The
machine learning model combined with structured and unstructured data improved the accuracy of clinical out-
come prediction of ICU patients. The AUROC value of the optimized gradient enhancement model was 0. 88,
indicating that the patient’s life state could be accurately predicted. Conclusion Using machine learning mod-
els,based on a small number of easily collected structured variables combined with unstructured data,can sig-

nificantly improve the prediction performance of ICU patients’ mortality risk prediction models.
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