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Research trend of artificial intelligence in cardiac arrest in recent 10 years:
visual analysis based on Bibliometrix
LONG Qiong' s ZHONG Zhitao™"
(1. Department of Laboratory ;2. Department of Emergency ,Zigong Fourth
People’s Hospital s Zigong s Sichuan 643000,China)

[Abstract] Objective To explore the research trend of artificial intelligence in the field of cardiac arrest
in the past 10 years. Methods Literature related to the application of artificial intelligence in the field of cardi-
ac arrest was obtained by searching the Science Network database. After screening the literature,the Bibliome-
trix software was used to analyze the number of publications,citations,keywords,etc. Results A total of 278
articles were included. In the past 10 years, the research on artificial intelligence in the field of cardiac arrest
has shown a rapid growth trend,with an annual growth rate of 52. 6%. The top three countries with the lar-
gest number of publications were the United States[27. 5% (79/287)], China[[12. 5% (36/287) ], and South
Korea[ 12. 5% (36/287)]. The top three institutions with the largest number of publications were University
of Seoul[10. 5% (30/287) ], University of Pittsburgh[8. 7% (25/287)] and Taipei Medical University[ 8. 4%
(24/287) ]. Resuscitation is the journal with the largest number of published literature. The top three key-
words were cardiopulmonary-resuscitation [ 6. 4% (51/803) ], cardiac-arrest [ 6. 1% (49/803)] and survival
[5.6%(45/803) ]. Keyword clustering was divided into four categories:artificial intelligence and first aid after
cardiac arrest,artificial intelligence and prediction model of cardiac arrest,comparison of different artificial in-
telligence models related to cardiac arrest,artificial intelligence and treatment and prognosis of cardiac arrest.
Conclusion  Artificial intelligence has been widely studied in the first aid, prediction, treatment and effect
evaluation of cardiac arrest. In the future,artificial intelligence is still a research hotspot in the field of cardiac
arrest,
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